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Lakshmi Teacher shook her head. Asha smiled. "That's where "Okay, Kalyani, let’s try : 23 3% 6 :
"Asha, borrowing from a budgeting comes in. Let me withdrawing some money from : , o :
moneylender should be your last  explain. A budget is like a map. It the ATM. Insert your card here, | dverage improvement participants :
resort. They charge high interest  helps you track where your enter your PIN, and choose the : IN post-test scores for pilot study i
rates, and you can easily fall intoa money is going and ensures that amount." Kalyani followed the : I
cycle of debt. Instead, try to you're using It wisely." Instructions carefully. Within : ee o , , :
Mmanage your expenses and save a seconds, the machine dispensed : Unlll.<e ’”St”{Ct’O”GI C?”te”tr this story :
ittle each day. Even if it's just a Rs. 500. She held the cash in her : felt immersive and mirrored everyday :
few rupees, it adds up over time." hands, amazed. "It's like magic!" | life, helping me learn more from it.(P3) :
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